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. use http://www.stata-press.com/data/r16/pig.dta *

(Longitudinal analysis of pig weights)
00000000000 480000000 900000000D0000000UDDOODOOUODODOODODOO
O0ooO0oOoooOoooooOooon

. list id week weight if id == 1 *2

idPEREweekEREweight

EE1. R1RRRRRR1ERRRERRR 24
ER2. B ERRRRR2E
BR3. RI1RRRRER 3RRERERR 39
EE4. EI1EEERREARREERRA2 . 5
EES. F1EEEERRSERRRRRRA8

BEE6. B EEEERE6ERERERS4 . 5
EE7. F1EEERER7ERRRRRR6 1
EES8. PIEIRISE ?
BE9. R1EERRERORRRRRER7 2

id=100 1000000000000 0000C000OOO000DOOO00DOOO00ODOUOODOOOOg

*1'0000000File > Example Datasets > Stata 16 manual datasets 0 0 O O Multilevel Mixed-Effects Reference Manual
[ME]O me 0D0DDOODODDODODDOODO
*20000000 Data b Describe data 1> List data
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e Statistics > Multilevel mixed-effects models > Linear regression O O O
e Model O O: Estimation method: Maximum likelihood OO0 OO OO
Fixed-effects model: Dependent variable: weight
Independent variables: week

Random-effects equations: Create

B mixed - Multilevel mixed-effects linear regression

Model  by/iffin Weights SE/Robust Reporting EM opfions Maximization

Estimation method
(®) Maximurm likelihood

Fixed-effects model

Dependent variable: Independent variables:
weight L7 || week
[T] Suppress constant term

Randem-effects model
Random-effects equations:

Create...
Edit
Dizable
Enable

Press "Create" to define an equation

Options

Contral 2caling of sarmpling weights
[CJResiduals
Type: by warizble
Independent
[ Compute degrees of freedom
Method;
Residual

?|(Cl el

Cancel

() Restricted maximum likelihood (REML)

[»] L

Submit

01 mixed DO 0O0O0O- Model 00O
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e Equation 100000 : Level variable for equation: id

B Equation 1

Level vanable for equation:

id ~
(®) Independent varizbles for equation
() Factor variable for equation

Varance-covanance structure of the random effects
independent o
[l Suppress constant term from the random-effects equation
O Frequency weights:
Create...
[ Sarmpling weights:

Create...

c

0 2 Equation 100000 -000000O

.EmixedBweightBweekd | |Eid:
PerformingREMEloptimization:
Performingkligradient@basedfloptimization:

Iterationk@
Iterationil:

Bloghlikelihoodi= [1014.9268
BlogklikelihoodiE= [1014.9268

ComputingBlstandardRerrors:

MixedBleffectsEMLEregressionERRRERRRRRERRRRERRRREENumbe relofElobsaEl
GroupBvariable: id Number&lofigroupsik=

BEEREE R R R R R R R R R R R EREERROb sEpe rEgroup :

£25337.49
2= 0.0000

WaldBchi2 (1)@
LogBllikelihoodl= F11014.9268 Prob@>kichi2BR

(M
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BEEEREweight |EEERERECOe.BERStd. BErr . BRREREZREREPS | z | BREEE[ 95%EConf . BInterval ]

Pweek |EEER6.2098960
_cons [BREE19.3556183

.03901240RR159. 18EEIE0 . 000

10 . 000

6.1334330ERER6.286359

BERandomBleffects@Parameters |BERREstimateRERStd.RErr.RRRRR[95%RConf.BInterval]

id:BIdentity
PRERRERRERRERRRERRRVar (_cons) |ERE14.81751RRR3.124226RREREE9 . 8017 16ERER22 . 40002

EEEEEEEEERERRERRVar (Residual) |ERE4 . 383264RRR. 316334 8RFREEE3 . 80511 2S5 . 04926

LREtestRvs.BlinearEmodel: chibar2(01)kB= 472.65 ProbB>=Rchibar2k= 0.0000
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